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The research of mining temporal relations sequence of video
objects in a video database
Abstract

Recently, the information technology and the storage media are development rapidly; and the
image and video data also grows with every day. Therefore, from a video database to find the
meaning patterns becomes an important issue. Although there are many related researches,
there are still two questions to mine meaningful frequent patterns from video database. The
first, how to simple and completely represent the relationships between the objects in a video.
Another is how to use the efficiency mining methods to mine the frequent patterns from video
database. Accordingly, in this paper, we use the concept of sequence mining to represent the
time relationships between video objects, and develop a new video mining method based on
the PrefixSpan mining approach to find the temporal frequent patterns between objects in a
video database.
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